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Who is INVISTA?

We make the chemical ingredients -
including adiponitrile (ADN), hexamethylene diamine (HMD), adipic acid (AA),
polyamide 66 (PA66) polymer-grade propylene (PGP), and polypropylene (PP) AgoUT
- that are essential for many different products. 3,500
EMPLOYEES
WORLDWIDE
AUTOMOTIVE FLOORING OUTDOOR PERFORMANCE TRAVEL HOUSEHOLD MEDICAL PACKAGING
WEAR ABOUT
250
Within our polyamide business, INVISTA has a global footprint to serve the market with PATENT FAMILIES
local production and we continue to build our production capabilities around the world to
meet future market demand.
With our propylene value chain, we are intentional about delivering high-performing
solutions that meet your specific needs and helping you get your products to market as ARouT
quickly as possible. 20
LOCATIONS
We are pioneers in innovative research and create advanced process and product

technologies — ensuring lasting, long-term value for our customer.

@ I N VI STATM POLYPROPYLENE




Seeqging Automated Model Retrains w/ Data Lab

1. Challenge: inefficient workflow
2. Solution: automation
1. Engine changeout check/training range determination
2. On/off check
3. Outlier check
4. Final bounds determination
3. My approach as a non-computer scientist
4. Next steps
5. Key takeaways




Challenge: Inefficient Workflow

* Built 120 models, ~90% in nuisance alert due to incorrect training range
* Equipment overhaul strategy almost entirely independent from outage/TA
schedule

Problem: | doubled the alert count | looked through each morning & added a
workload | didn’t want to carry

Maintain status Upskill to elevate
quo status quo




1. Engine Changeout Check/TR Determination

Has an engine changeout

occurred?

!

Keep old TR start
date

Has 1 week passed since
changeout?

Has TR reached 1 yr?

Update TR start date Keep old TR until 1
to 1 week after week has passed
changeout since changeout

\lr_ Y
Mo change to end Extend TR end date
date (full TR as is) to current day




2. 0On/Off Check

Is speed < 1000 RPM?

\[ Y
Data is sent to “off” Data is sent to
condition capsule & “inlier” condition

automatically capsule & continues
marked as outlier to outlier check




3. Outlier Chec
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final TR & bounds
determination

Data gets marked as
outlier




4. Final Bounds Determination

Is there inlier data?

()
—/

.

Skip bounds push with
the reason “all outlier

data”
Is the TR already 1 yr?

#bounds for the model

clean_median = clean_residual.median()

clean_mad = np.median(np.abs(clean_residual - clean_median))
# Always use median/MAD, even if MAD is zero (in that case, bounds collapse to the median)
upper = clean_median + threshold * clean_mad * 1.4826

lower = clean_median - threshold * clean_mad * 1.4826

No change in bounds 1. upper bound calc upper_bound_name = f"{reg_name} - Residual Error Upper Bound"

. lower_bound_name = f"{reg_name} - Residual Error Lower Bound"
calculation 2. lower bound calc
# 1. Set the desired start dote for bounds (exactly 2 years ago)
bounds_start = pd.Timestamp.now(tz="US/Central') - pd.Timedelta(days=2%365)
bounds_end = pd.Timestamp.now(tz="Us/Central’)

# 2. Pull the target signal for this range to get the correct index
target_signal_name = model_war_map.get("target")
target_row = all_items[all_items[ 'Mame'] == target_signal_name ]
if not target_row.empty:
target_data = spy.pull(target_row, start=bounds_start, end=bounds_end)
target_index = target_data.index
else:
print_and_capture(f"[ERROR] Could not find target signal {target_signal name} for [reg_name}")
continue




My Approach (Non-Computer Scientist)

1. Take Data Lab Training
Variable to signal per model dictionary
spy.search()*
Calcs w/normal Python syntax
spy.push()*
spy.notifications.send_email()*
6. spy.jobs.schedule()*
2. Use diagnostic data sent via spy.notifications.send_email() & Data Lab Al Agent
to help debug
3. Have a clear idea of what outcome you want
4. Learn best practices

DIl




Next Steps

1.

o

Apply TR automation code to the 120 GT models | built

Finetune continuous Prediction Interval & SHAP calculations code to help with
model health diagnostics

Find other equipment that would benefit from TR automation

Finetune “model type decision tree” code to streamline model building in Seeq
while accounting for multicollinearity, input significance, TR fit, and prediction

accuracy




Key Takeaways SeeQ DATA LAB

1. The Data Lab training is worthwhile O
2. Learningthe specific Seeq/Python code
structure is worthwhile Initializing Project ...

3. The Data Lab Al Agent is your best friend

I can help you do magic with Data Lab and Python code




Thank you for your time!

ORLANDO JUNE 1-3, 2026

John Cox, Michael Schemm, Janelle Armstead-English
Invista Monitoring & Machinery
Seeq support in general
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