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Amplifying Timeseries Analytics
The Synergy of Seeq and Databricks
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>eeq Why Seeq + Databricks

What does the combination of Seeq + Databricks Bring to the Customer

databricks
Business 4 SEEQ@ )
Intelligence
Analgz/tics @ SME-led Operational
Intelligence Analytics
& Data Access |
+ - Z  Enterprise
4 : N :
Seeq Intelligence
Scalable Data Access To Stranded
Source @ 9 OT Data Stores y
DEVF! Bl Operational Experts
Scientists  Experts (Process & Equipment)
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Why Databricks for Machine Learning?

databricks What does Databricks bring to the table that amplifies Seeq’s capability?

+ Experiment Tracking
x Connect the Data, Framework, Algorithm,

YOU have a MLOpS Hyperparameters, Randomizations, and Environment
in production _
that is _/V'a
Do you have track-and-trace m I ( V,V4 g Model Registry & Versioning
Capablhty? L Managed Movements through Environments
Can you connect everything
that produced that model?
i N Model Deployment
.’ Publish the Model to Where It Is Used
You need scalable - - |
and isolated compute o Distributed Computing
dCItCIbI’iCkS ® O O Parallel computing to speed up research efforts.

to train a model.
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Digital Rheometer Architecture

Access inferences Model

Management User
Interface

Edge ‘' Cloud | .
. . Databricks Connector
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Ommo! ) Seeq Y Databricks Spark
@" — A Seeq Remote Agent - Transform, = Incremental ingestion MLOps in Databricks
& Connect, Compress, . Contextualize, Cleanse, < and ETL into Delta Unity Serverless SQL
& Secure . and Ul to Results - Tables Catalog
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Storage of Training
Data & Inferences

Further Cleansing,
Training, Inference,
Environment Control

Asset Hierarchies,
Calculations/Feature i A

Engineering DELTA LAKE
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. Why Databricks as a Data Source?
databricks What are Databricks strengths? What are Seeq strengths?

You have

timeseries data, or data
that is not integrated with your
process control network that
you need to analyze. You
need to store it and serve it.

DELTA LAKE

databricks

1010 Streaming Data Processing
ID I 0 Live Tables receive, ingest, process, and store data.

Efficient and Scalable Storage

S—
U Liquid Clustering organizes data for efficient

retrieval

mm Distributed Computing

Parallel computing to divide and conquer upon
retrieval (and ingestion/storage optimization).




pitiime " Sz Example: Ethylene Real-time Optimization
Moving edge network information to the cloud for analysis...

— (I aspentech ——

Realtime Optimization
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Philli amee | Example: Enterprise Mfg Data Reporting

ps
CIIEMICMP . . o . . .
Deliver larger amounts of manufacturing data to traditional business intelligence tools.
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Manufacturing Data Enterprise Reporting Architecture

Edge - Cloud

4 N\ ™\ Access (~ R ~ ~N
N Seeq | = | Seeq | @
i - - < > Databricks X :
— A Seeq Remote Agent . Seeq Cortex SQL Compute via
. Connect, Compress, . Transform, Tabular SQL UDF
2 Secure . Contextualize, Cleanse Calling Python UDF Power BI
— T yy z

Connect to internal
time-series, industrial
datasources

Caching, Retrieval, SQL compute, work

API, Cleansing by distributed across
SME cluster

Reporting Layer
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The Best Timeseries
Analytics Ul Out There

Simplifies Access to
Hard-to-Connect Data
Sources

Excellent for “Gridding”
Timeseries for Machine
Learning Purposes

Formula Language Suitable =~
for Signal Processing and "G
Training Periods

Conclusion: Seeq & Databricks

Better...Together ©

databricks

lloT Ingestion, Storage,
Retrieval Power

Elastic, Distributed
Computing Capacity for ML
and Data Processing

MLOps: Model Track &
Trace and Governance
through Unity Catalog

Scaled Data Servicing for
Business Intelligence
Platforms



